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Waveform Feature Analysis

Initial Results Suggest Beta Event-Locked Oscillations Vary

Introduction Waveform Shape Analysis
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Time Relative to Event Trough (sec)

Spectrogram of averaged signals from pre, post, and during beta event time intervals

Traditional signal analysis methods are based on the Fourier transform, which models neural

- Employ Human Neocortical Neurosolver (HNN), a unique modelling software developed by the
Jones lab, to test potential mechanisms underlying differences in waveform shape across subjects
and conditions.
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data as sums of component sinusoids. time from beta event trough (sec) time from beta event trough (sec) Use results to inform our transcranial magnetic stimulation (TMS) study, where we aim to mimic
the inhibitory effects of endogenous beta events on tactile detection.
Here our aim is to identify non-sinusoidal characteristics of MEG data collected by our lab. To do Waveforms in Single Trials From Individual Subjects Show That Locked Oscillations are

this, we employed a tool developed by the Voytek lab at UCSD (GitHub link) that quantifies Evident Even on Single Trials, and Thus May be Used to Predict Behavior Within Subjects
oscillatory features in the time domain on a cycle-by-cycle basis.® . A kn OWI edge m e nts
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